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Abstract

Scholars present their new research at seminars and conferences and send drafts to peers in
hopes of receiving comments and suggestions that will improve the quality of their work.
Using a dataset of projects that were initiated when authors were doing their doctoral stud-
ies, this article measures how much peers’ individual and collective comments improve the
quality of research. Controlling for the quality of the research idea and author, I find that
a one-standard-deviation increase in the number of peers’ individual and collective com-
ments is associated with a 43% increase in the quality of the journal in which the project is
published.
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JEL Classification Al4 -123

Introduction

Scientific progress is fueled by new ideas. While transforming new ideas into research
outputs, scholars rely on their peers to identify weaknesses in their work, alternative
models, new methodologies and databases that can improve their research quality. Con-
sidering the amount of time scholars devote to presenting draft versions of their papers
at conferences and seminars, and discussing their new projects face-to-face with other
colleagues, it is reasonable to expect that peers’ comments and suggestions will improve
the quality of research. However, despite its alleged importance, empirical evidence on
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the effects of peers’ individual and collective comments on the quality of research is
scarce. The goal of this paper is to fill this gap.

I first build a dataset of papers published in academic journals. Based on the
acknowledgment sections of the papers, I record the list of scholars that provided com-
ments, and the seminars and conferences at which the paper was presented. To obtain
unbiased estimates on how these comments, seminars, and conferences contributed to
the quality of a paper, I control for other quality-affecting variables that correlate with
peer comments. There are two main confounding variables: the quality of the author
and the quality of the research idea. First, it is assumed that high-quality authors pro-
duce high-quality papers. Minondo (2020) showed that high-quality scholars were more
likely to be invited to present their works at seminars. Papers written by high-quality
scholars are also more likely to be accepted at conferences. Furthermore, high-quality
scholars may receive more comments on their work because they have more opportuni-
ties to interact with other scholars at seminars and conferences, or because their work is
more likely to be followed. Second, it is assumed that high-quality papers are built upon
high-quality research ideas. Scholars choose their most promising project when decid-
ing which paper they will present at a research seminar and the draft they will send to
colleagues. Hence, more promising projects tend to receive more feedback than do less-
promising ones.

To control for the quality of the author, I leverage the quality of the affiliated institu-
tion. In some specifications, I also use author fixed effects. To control for the quality of the
research idea, I use a feature of the job-placement process of economics PhD candidates.
During their final academic year, future PhD graduates select a project from their con-
temporaneous research ideas for their job market paper. This becomes the tool PhD can-
didates use to show their research skills to potential employers. Because PhD candidates
want to maximize job offers, they select their highest-quality project. Thus, the fact that a
paper is selected for the job market paper provides a signal of the initial quality. I retrieved
information from 2,113 PhD candidates, from top US economics departments, who entered
the labor market between 2000 and 2018. I identify their job market papers and additional
projects that they could also have selected as their job market papers. I then follow the job
market papers and additional projects until they are published. These publications com-
prise my estimation sample.

Using the job-market status of a paper to control for the quality of the research idea and
author’s fixed effect, I find that a one-standard-deviation increase in the number of indi-
vidual comments is associated with a 16% increase in the ranking of the journal in which a
paper is published. Additionally, a one-standard-deviation increase in the number of semi-
nars is associated with a 27% increase in the ranking of the journal. Presenting a paper
at a conference has no impact on the quality of the journal in which a paper is published,
after I control for the number of individual comments and seminars. I find that comments
given by high-quality scholars have a larger positive impact on quality than do comments
received from non-top scholars. Likewise, presenting a paper at a top economics depart-
ment has a larger positive impact on the quality of the journal in which a paper is published
than does presenting a paper in a non-top economics department.

I argue that the positive link between peers’ individual and collective comments and
the quality of the journal in which a paper is published occurs because informal collabo-
rations improve the quality of a research project. Exchanges with peers can improve the
quality of a research project: (i) providing inspiration for novel research ideas, (ii) making
scholars aware of new databases, methodologies, and literature; (iii) identifying flaws and
limitations in the research; (iv) framing the contribution of the paper in the literature; (v)
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providing critical advice on various parts of the research; and (vi) suggesting additional
analyses and avenues for further research.

This paper is related to studies that analyzed whether peers’ individual and collective
comments improve the quality and visibility of papers. Based on a sample of 251 articles
published in the Review of Economics and Statistics, Laband and Tollison (2000) found a
positive correlation between the number of scholars acknowledged in a paper and the num-
ber of citations received by it during the 6 years following publication. The positive impact
was larger if the comment was provided by a high-quality scholar. Brown (2005) ana-
lyzed whether presentations at research seminars and conferences, and comments received
from colleagues increased the likelihood of a paper receiving a revise-and-resubmit deci-
sion with an accounting journal. Individual and collective comments were also analyzed
to determine whether there were increases in the numbers of citations received by papers
published in three leading accounting journals. He found that presenting at research semi-
nars was the only variable that positively correlated with receiving an invitation to revise
and resubmit and the number of citations received. Rose and Georg (2021) replicated the
previous two studies using a sample of 6,400 papers published in six finance journals.
They found that the number of individual comments and research seminars were positively
associated with the number of citations received by a paper, whereas presenting at confer-
ences had no impact on quality. I add to this strand of literature by estimating the impact
of individual and collective comments in a sample controlling for the initial quality of the
research idea. Furthermore, my estimations include author fixed effects, which provide a
better control for the quality of the author than those used by previous studies, thus neutral-
izing a scholar’s tendency to apply strategic acknowledgments. Finally, I analyze whether
presenting at top economics departments contributes more to the quality of a paper than
does presenting at non-top departments.

My paper is also linked with studies that analyzed how conferences and meetings con-
tribute to the flow of ideas, to increase the probability of publication, and to enhance the
visibility of a paper. Iaria et al. (2018) found that, during and after World War I, the ban
on Central scientists from participating at international conferences was associated with a
drop in citations between Allied and Central scientists. Using data from the Joint Math-
ematics Meetings between 1990 and 2009, Head et al. (2019) showed that a mathematician
was more likely to cite the work of another if they attended the same conference. This
probability increased if the two scholars attended the session in which the cited paper was
presented. Using data from a major political-science conference that was canceled in 2012,
Lopez de Leon and McQuillin (2020) concluded that the probability of a paper being cited
increased by five percentage points over a period of 4 years if it was presented at the con-
ference. These papers confirm that knowledge flows from conference presenters to confer-
ence attendees. However, as explored in this paper, it is likely that knowledge also flows
from conference attendees to conference presenters through comments and suggestions. In
line with this argument, Gorodnichenko et al. (2021) found that presenting a paper at a
major conference in economics increased the probability of its publication in a high-quality
journal. I also obtain this result. However, I also find that this positive association becomes
statistically insignificant after I control for the number of individual comments received by
a paper and the number of research seminars at which it was presented.

More broadly, this paper is related to the literature that explores how knowledge is pro-
duced (Stephan 2010; Fortunato et al. 2018) and, in particular, how peers contribute to
that process. Azoulay et al. (2010); Waldinger (2012); Borjas and Doran (2015); Agrawal
et al. (2017); Jaravel et al. (2018); Bosquet et al. (2021) analyzed how the premature death,
migration, or arrival of scientists affected collaborators’ and other peers’ productivity. My
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paper contributes to this literature by analyzing another channel by which peers affect the
quality of a scholar’s output: individual and collective feedback to ongoing research pro-
jects. My finding that peers’ feedback has a large positive effect on the quality of the jour-
nal in which a paper was presented agrees with Oettl (2012), who found that a scholar’s
output quality decreased after the death of a co-author if the co-author was helpful to other
colleagues. Rose and Georg (2021) found that authors that had a central position in the
network of informal collaborations were very productive, their papers were published in
high-quality journals, and received many citations.

The remainder of the paper is organized as follows. Section Data describes the dataset
and presents some summary statistics. Section Regression results discusses the results of
the regression analyses, and Section Conclusions concludes.

Data

The sample comprised PhD candidates from the top 40 US economics departments who
entered the labor market between 2000 and 2018. To identify the top US economics depart-
ments, I used the ranking elaborated by Ideas.!

In their last academic year, PhD candidates in economics go to the so-called job market.
In the US, the job market runs parallel to the American Economic Association’s Annual
Meeting; in Europe, it runs parallel to the European Winter Meetings of the Econometric
Society. At these job markets, PhD candidates in economics have interviews with poten-
tial employers from academia, research institutions, and private firms. The interviews are
organized around the PhD candidate’s job market paper. This paper is usually one of the
three chapters that the candidate wrote for her doctoral dissertation. Interviewers will ask
the candidate to describe her job market paper and will pose questions about it. If the inter-
view is successful, the PhD candidate will receive an invitation to present her job market
paper at the potential employer’s venue.

Since the job market paper plays such a big role in the hiring process of PhD graduates
in economics, candidates will select their best piece of research as their job market paper.
Specifically, the job market paper is the research project that provides the most novel con-
tribution to literature and better demonstrates the candidate’s skills to perform state-of-the
art research among the contemporaneous research projects conducted by the candidate.

Each year, during the fall term, economics departments announce their job market
candidates. From the department’s web page, I recorded each PhD candidate’s job mar-
ket paper and the projects that she could also have selected as job market paper. These
were projects whose sole author was the PhD candidate, or ones written with other PhD
students. As a general rule, I excluded papers co-authored with scholars already having a
PhD. I only included a paper written with a senior scholar if the job market paper was writ-
ten with the same senior scholar. I followed the job market paper and the papers that could
also have been selected as a job market paper until they were published. I define the matu-
ration time of a paper as the difference between the year in which a paper was published
and the year at which the PhD candidate entered the labor market.

' T used the 10-year ranking of US economics departments published in June 2019. The latest ranking is
available at https://ideas.repec.org/top/top.usecondept.html.
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Based on the acknowledgment sections of the published version of the paper, I retrieved
information about the number of research seminars and conferences at which a paper was
presented, and the scholars that provided comments. Following Cronin (1995) classifica-
tion, I sought to capture concept-related acknowledgments, which included scholars who
mentored the PhD candidate, and others that also provided inspiration, insights, critical
analysis and comments. Therefore, I excluded acknowledgments for research assistance,
data sharing, or data-access facilitation.

However, acknowledgments may not always reflect peers’ contribution to a paper.
Authors may add high-quality scholars to the acknowledgment section, even when their
contribution is very small, because potential reviewers and editors are familiar with their
names. Furthermore, authors may use the acknowledgment section to be nice with scholars
that can positively influence their career. However, this type of strategic acknowledgment
does not seem to be a problem in my sample. First, my sample comprises PhD-candidate
papers. Because these candidates graduated from the top US economics departments, there
are many high-quality scholars’ names in their papers’ acknowledgment sections. There-
fore, the presence of a high-quality scholar in the acknowledgment section does not cause
a paper to stand out in the sample. Second, if the only motivation to acknowledge is to gain
favor, there will be no positive correlation between individual comments and the paper
quality. Contrarily, this correlation is positive and very strong. Furthermore, previous stud-
ies found that the positive correlation between acknowledgments and the quality and vis-
ibility of a paper was robust to controlling for potential strategic acknowledgments (Laband
and Tollison 2000; Rose and Georg 2021) Third, some estimations use author fixed effects,
which neutralize scholars’ tendency for narcissism and gratuitous acknowledgments.

Another concern is that scholars may want to present their papers at research seminars
and conferences because potential editors or reviewers will be in attendance. Thus, they
seek a more positive view following attendance. However, in my sample, the median paper
was only presented at one seminar. Hence, it does not seem that scholars could choose
their venues to maximize encounters with potential reviewers and editors. Finally, I meas-
ure the effect of individual and collective comments on the quality of research conditional
on the paper being published. Hence, my results are only applicable to the set of published
papers.’

Table 7 in the Appendix reports the economics departments and the PhD candidate
cohorts included in the sample. It also reports, for each PhD program, the number of grad-
uates from which I could retrieve information and the number of potential job market paper
projects that became journal articles. There were differences in the number of PhD candi-
date cohorts included in the sample across US economics departments. Those differences
can be explained by the possibility of accessing the information of old cohorts. Economics
departments provide information about the PhD candidates that enter the labor market dur-
ing a particular year. A few departments also provide links to previous years’ job market
candidates. To retrieve information for older cohorts, I used the Internet Archive Library.
In some cases, the library contained fairly complete records of the different versions of
the website over time. However, in many cases, the information was scant, or there was no

2 1 did not include the editors of the journal.

3 I could have also analyzed the effect of individual and collective comments on the probability of a paper
being published. However, there are difficulties to perform this analysis. Many articles written by PhD can-
didates remain unpublished not due to a lack of quality, but because authors do not bother to publish them.
This is the case for many graduates that are placed in institutions where research is not a priority.
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Table 1 Information about the

sample Job market candidates 2113
Potential papers 5175
Job market candidates with a publication in a journal included 581
in the SJR
Publications in a journal included in the SJR 858
Main estimation sample of publications 719

copy archived. This explains why I could retrieve information for very old PhD candidates
(i.e., 2000) for some economics departments (e.g., UC Berkeley or MIT), whereas I could
only retrieve information about the most recent cohort for others (e.g., Ohio State).

I measured the quality of a paper using the Scimago Journal Ranking (SJR) of the jour-
nal in which it was published.* I prefer this measure over number-of-citations because of
the large heterogeneity in the age of publications in my sample. The mean, median, and
standard deviation of the (log) quality of a journal is 1.1. The minimum log quality of a
journal is —2.1 and the maximum 3.4. I define author quality as the capacity of a scholar
to generate new ideas and transform them into articles that are published in high-ranked
journals. Similar to Smeets et al. (2006), I measured the quality of a PhD candidate by
the quality of placement after graduation.’ If a paper had multiple authors, I added indi-
vidual author qualities. It is important to point out that this proxy for author(s) quality may
have some noise because other factors, such as preferences or family-related issues, can
determine the choice of placement. In some specifications, I controlled for the quality of
the author(s) using author fixed effects. I computed the individual comments received by
counting the scholars listed in the acknowledgment sections. I also computed the number
of comments given by top-10 scholars.® I also counted the seminars and conferences at
which a paper was presented and the seminars given at the top-10 economics institutions.’
Following Gorodnichenko et al. (2021), I used the American Economic Association, the
European Economic Association, and the Royal Economic Society as top conferences. I
further added the National Bureau of Economic Research (NBER) Summer Institute semi-
nars to this group.

Table 1 provides information about the construction and characteristics of the estima-
tion sample. I retrieved information from 2,113 PhD candidates that entered the job market
between 2000 and 2018. These job market candidates were working on 5,175 projects that

4 This ranking was built using the average number of citations received in the selected year by the docu-
ments published in the journal during the three previous years, weighted by the prestige of the citing journal
and the thematic closeness between the citing and cited journal (Guerrero-Bote and Moya-Anegén 2012).

5 T used the 10-year ranking of institutions published by Ideas in May 2019. The latest ranking is available
at https://ideas.repec.org/top/top.inst.all10.html. The Ideas ranking provides specific scores for the top-5
institutions (494 institutions). For each percentile between 6 and 10, it randomly lists the institutions located
at that percentile. To provide a score for institutions located between the 6th and the 10th percentile, I per-
formed a regression of the institutions that have a specific score. The dependent variable is the score (in
logs), and the independent variables are the percentiles in which the institution was located (in logs) and a
constant. I used the estimated coefficients to calculate a score for percentiles 6, 7, 8, 9 and 10. If an institu-
tion was not at the top 10, I assigned it the score of an institution located at the 55th percentile. Results are
robust to classifying institutions by their percentile rank.

6 T use the Ideas’ author ranking for November 2019. The most recent ranking is available at https:/ideas.
repec.org/top/top.person.all.html.

7 To identify the top 10 institutions, T use the ranking built by Ideas mentioned above.
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Tab|e2. Su.mmary statistics of Meodian Mean  SD  Min  Max
the estimation sample

All publications (719)

Individual comments 9 10 7 0 49
Seminars 1 3 5 0 27
Conferences 0 1 2 0 17
Job market papers (310)

Individual comments 12 12 8 0 49
Seminars 4 6 6 0 27
Conferences 1 1 2 0 17
Others (409)

Individual comments 7 8 6 0 32
Seminars 1 1 2 0 20
Conferences 0 1 1 0 6

The figure in parentheses is the number of publications in each cat-
egory

could have been selected as job market papers. Among those projects, 2,116 were selected
as job market papers.® By July 2020, 581 of the job market candidates (27%) had published
their job market paper or another they could also have selected as a job market paper in a
journal included in the SIR in the year of publication.” A total of 858 out of 5,175 potential
papers, 17%, was published. 48% of these publications were job market papers. This per-
centage is larger than the share of job market papers among the potential projects (41%).
18% of publications had more than one author, and 15% were published in a top-5 eco-
nomics journal.'® T retained information about the number of individual comments for all
papers in the sample. However, there were some articles that used formulaic acknowledg-
ments, such as “we acknowledge numerous seminar participants”, “several audiences”, or
“seminar and conference participants”. Because the number of seminars could not be com-
puted for these publications, the main estimation sample dropped from 858 to 719 articles.

Table 2 reports summary statistics on the individual and collective comments received
by publications. It provides statistics for all publications, published job market papers, and
other publications. The median publication received nine individual comments. The dis-
tribution was not skewed: the average was 10 and the standard deviation was seven. The
minimum number of comments received by a publication was zero, whereas the maxi-
mum was 49. There were 66 publications out of 719 with no individual comments. The
median publication was presented at one seminar only. The maximum number of semi-
nars at which a publication was presented was 27. There were 280 publications out of 719
that were not presented at any seminar. Note that the distribution of seminars per publica-
tion was skewed, because the average number of presentations was much larger than the
median. Finally, the median publication was not presented at any conference. The average

8 Note that the number of job market papers is larger than the number of job market candidates, since a few
PhD candidates had more than one job market paper.

® Our percentage is lower than the 40% figure reported by Conley and Onder (2014) due to the larger pres-
ence of recently graduated students in our sample, whose papers may be still waiting a editorial decision.

10 American Economic Review, Econometrica, Journal of Political Economy, Quarterly Journal of Eco-
nomics, and Review of Economic Studies.
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was one and the standard deviation is 2. There is a paper that was presented at 17 differ-
ent conferences, whereas 405 publications, out of 719, were not presented at any confer-
ence. Job market papers received more individual comments and were presented at more
research seminars than were non job market papers. Specifically, the median job market
paper received five more individual comments and was presented at three more seminars
and one more conference than was a non job market paper.

Panel A of Fig. 1 plots the relationship between the number of individual comments
received by a paper and the quality of the journal in which a paper was published. To ana-
lyze whether there was a non-linear relationship between these variables, I distributed the
papers into individual comment quintiles. The (log) quality of the publication rises almost
linearly with quintiles. A similar trend is observed in research seminars (Panel B). Regard-
ing conferences, in panel C, an increase is revealed in the (log) quality of the journal in
which the paper was published if the paper was presented in, at least, one conference. The
difference in quality between presenting in one or three conferences is not very large, but it
rises when the paper was presented at more than three conferences.

These figures suggest that peers’ individual and collective comments improved the qual-
ity of the journal in which a paper was published. However, these correlations might also
capture the positive associations between scholar quality and the number of individual or
collective comments received from peers. They may also capture the quality of the research
idea and the comments received from peers. In the next section, I explore the contributions
of individual and collective comments to the quality of the journal in which a paper was
published after I control for the qualities of the author’s placement and the research idea.

Regression results

To estimate the effect of peers’ individual and collective comments on the quality of the
journal in which a paper was published, I applied the following regression equation:

InQ;, =pIn(l, + D)+ f,In(S, + 1) + g5 In(C, + 1) + B4 InA, + fsM, + v, + 4, + ¢,

)]
where 0, is the quality of journal j at the time the paper was published (?). 7, is the number
of individual comments received by paper p, and S, and C, are the numbers of seminars
and conferences at which paper p was presented, respectively. Because the number of indi-
vidual comments, seminars, and conferences enter as logs in Eq (1),  add 1 to the number
of comments, seminars, and conferences variables to keep observations having zero values
in the estimation sample.!' Note that A, represents the quality of the author’s placement
and M, is an indicator variable that turns 1 if the paper was a job market paper. ¢, is the
disturbance term.

Because some economics departments may have more social ties with journal edi-
tors than do others (Colussi 2018), I controlled for the economics department at which
the candidate received a PhD (y,). Owing to the time elapsing between paper submission
and acceptance for publication at a journal, papers from “younger” PhD candidate cohorts
were less likely to be included in the estimation sample. This can create a sample selection

! Results are robust to using an inverse hyperbolic sine transformation of the variables (Bellarare and
Wichman 2020). In unreported results, I also estimated the model with individual comments, seminars, and
conferences in absolute values and separated in tertiles. In both cases, results were qualitatively similar.
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Fig. 1 Relationship between
peers’ comments and journal
quality Note: The quality of the
journal is measured by the (log)
Scimago Journal Ranking

Ln Quality of the journal Ln Quality of the journal

Ln Quality of the journal

(a) # of individual comments

o
v
o -
o
0-4 58 9-12 1317 >17
(b) # of seminars
o
9 |
I.l')_ .
o
0 1 2 3-6 >6
(¢) # of conferences
9 |
I.D_ .
o
0 1 2 3 >3
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Table 3 Contribution of individual comments, seminars, and conferences to the quality of a paper

()] @ (3 “ () ©) (O]

In Comment 0.535% 0.363* 0.347% 0.318* 0.310*
(0.049) (0.057) (0.058) (0.055) (0.112)
In Seminar 0.426* 0.292? 0.270% 0.144* 0.271%
(0.041) (0.047) (0.045) (0.045) (0.102)
In Conference 0.392° —0.035 —0.032 0.003 —0.091
(0.064) (0.068) (0.066) (0.063) (0.138)

In Author(s) place- 0.098* 0.109*

ment quality
(0.022) 0.021)

Job market paper 0.530* 0.295°
(0.074) (0.132)
Observations 858 719 719 719 719 719 302
R-square 0.388 0.353 0.277 0.399 0.422 0.461 0.271
Author(s) FE No No No No No No Yes

The dependent variable is the journal’s log journal ranking. Estimations in columns 1-6 include cohort and
PhD institution fixed effects (not reported). Standard errors clustered at the author level are in parentheses.

a,bandc.

: statistically significant at 1, 5, and 10%, respectively.

problem for the dependent variable. To address this problem, I introduced cohort fixed
effects (4,). They also control for other cohort-specific factors that may affect the prob-
ability of publication in a high-quality journal, such as the quality of other PhD candidates
that entered the job market in the same year, or the number of PhD candidates that decided
to pursue an academic career. Following Laband and Tollison (2000) and Rose and Georg
(2021), I use ordinary least squares to estimate Eq (1).

Table 3 presents the estimates for the impact of the number of comments given by
peers’” individually and collectively at research seminars and conferences.'? I clustered
standard errors at the author level.'? First, I estimated Eq (1) using the number of indi-
vidual comments only (column 1 of Table 3). This estimation uses the full sample of
publications: 858. The In Comment coefficient is positive, indicating that receiving more
individual comments is positively correlated with publishing in a high-ranked journal. For
example, a one-standard-deviation increase in the number of comments (seven comments),
for a paper that received an average number of comments (10 comments), is associated
with a 28% increase in the quality of the journal in which a paper was published [(In(17)-
In(10))*0.535]. This increase elevates a paper published in a journal located in the 2nd
quartile of the SJR Economics and Econometrics category (e.g., CESifo Economics Stud-
ies; SJR 2019 score: 0.851) to a journal located in the 1st quartile (e.g., Journal of Indus-
trial Economics, SJR 2019 score: 1.059).

In column 2 of Table 3, the number of seminars was the only independent variable.
Note that the number of observations was lower than in column 1, because, as mentioned
above, there were some papers that did not provide a valid list of seminars. As expected,

12 Table 6 in the Appendix shows the cross correlation between the independent variables.
13 Results are robust to clustering errors by cohort or PhD institution.
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presenting a paper at a research seminar is positively correlated with publishing a paper
at a high-ranked journal. For example, a one-standard-deviation increase in the number
of presentations (five seminars) for a paper that was presented at the average number of
research seminars (three seminars) is associated with a 42% increase in the quality of the
journal in which a paper is published [(In(8)-In(3))*0.426]. There was a positive correla-
tion between the number of conferences in which a paper was presented and the quality of
the journal in which a paper was published (column 3). Specifically, a one-standard-devia-
tion increase in the number of conferences (two conferences) for a paper that was presented
at the average number of conferences (one conference) is associated with a 43% increase in
the quality of the journal [(In(3)-In(1))*0.392].

Column 4 presents the results when the specification included all peers’ contribution
variables: individual comments, research seminars, and conferences. The In Comment and
the In Seminar coefficients remained positive, but had a lower point value than in previous
estimations. This result indicates that there was a positive correlation between the num-
ber of individual comments received by a paper and the number of seminars and confer-
ences at which it was presented. Interestingly, the conference coefficient was close to zero.
This result indicates that the positive association between the number of conferences at
which a paper was presented and the quality of the journal in which it was published disap-
peared after I controlled for the number of individual comments received and seminars at
which it was presented. According to the coefficients reported in column 4, a one-stand-
ard-deviation increase in the number of individual comments and research seminars for
a paper having an average number of comments and seminars is associated with a 48%
increase in the quality of the journal in which a paper was published [(In(17)-In(10))*0.363
+ (In(8)-In(3))*0.292].

In column 5, I introduced the quality of the author’s placement as an additional regres-
sor. As expected, it is positively correlated with the quality of the journal in which a paper
was published. There is also a reduction in the In Comment and In Seminar coefficients’
point estimates, suggesting that these coefficients captured the positive correlation between
the quality of the author’s placement and journal.'* Column 6 presents the results when I
controlled for the quality of the research idea. The job market paper coefficient was pos-
itive and statistically significant. According to the coefficient reported in column 6, the
quality of journals in which job market papers were published was, on average, 70% higher
than the quality of the journals in which the rest of projects were published (exp .530).
The In Comment and In Seminar coefficients remain positive, but with lower point val-
ues, specially for In Seminar, than in column 5. This is consistent with the argument that
scholars choose to present their most promising projects when they are invited to give a
research seminar. Even when I controlled for the quality of the author’s placement and
research idea, a one-standard-deviation increase in the number of comments and seminars
for a paper with average values of these variables still is associated with a 31% increase
in the quality of the journal in which a paper was published [(In(17)-In(10))*0.318 +
(In(8)-In(3))*0.144]."

Finally, column 7 reports the estimations from the regression equation including author
fixed effects. This estimation controlled for all author-specific variables, including the
capacity to transform new ideas into high-quality publications, the “contribution-threshold”

14 1 also analyzed whether papers with more than one author had a larger quality than solo papers. The
coefficient for multi-authored papers was statistically insignificant.
15 Estimates reported in columns 1 to 6 are robust to using cohort x institution fixed effects (y, X 4,).

@ Springer



1576 Scientometrics (2022) 127:1565-1582

to include a peer in the acknowledgment section, the tendency for strategic acknowledg-
ment, and the author’s willingness to present at seminars or conferences.'® In this specifica-
tion, I identify peers’ contribution to the quality of a paper using the variation in the num-
ber of individual and collective comments among papers written by the same author during
the same period, whose initial quality was identified by the author.

The sample used in column 7 only included scholars that published more than one of
the projects that were initiated during doctoral studies. This led to a large reduction in
the number of observations.!” Despite this drop, and the increase in standard errors, the
In Comment and In Seminar coefficients remained positive and statistically significant. A
one-standard-deviation increase in the number of comments for a paper that received the
average number of comments is associated with a 16% increase in the quality of the journal
in which a paper was published [(In(17)-In(10))*0.310]. A one-standard-deviation increase
in the number of seminars for a paper that was presented at the average number of semi-
nars is associated with a 27% increase in the quality of the journal [(In(8)-In(3))*0.271].
For example, the combined effect of these increases (43%) upgraded a paper published in
Review of Economics and Statistics (SJR 2019: 8.363) to the quality level of The Ameri-
can Economic Review (SJR 2019: 11.889). Presenting at conferences was not associated
with a raise in the quality of the journal in which a paper was published.

In previous estimations, I assumed that all individual and collective comments contrib-
uted equally to the increase in the quality of a paper. However, Laband and Tollison (2000)
showed that the positive effect of individual comments on the number of cites a paper
receives rises if those comments were made by reputed scholars. It also seems reasonable
to expect that comments received at presentations at top economics institutions or leading
conferences should contribute more to improve the quality of the journal in which a paper
was published.

Table 4 presents the results from individual and collective comments that were distin-
guished by quality. Column 1 shows that comments given by top-10 scholars had a much
larger positive correlation with the quality of the journal in which a paper was published
than did comments offered by other scholars. Column 2 reports that presenting a paper at
a top-10 economics institution had a strong positive association with publishing a paper
at a high-ranked journal. However, presenting a paper at a non-top-10 economics institu-
tion had no correlation with publication quality. Presenting a paper at a major economics
conference (e.g., American Economic Association, European Economic Association, the
Royal Economic Society, and NBER Summer Institute) had a strong positive correlation
with the quality of the journal in which a paper was published. The coefficient for rest of
conferences was also positive, although its point value was lower than the one for top con-
ferences. The quality of the author’s placement (column 5) and the job market status of a
paper (column 6) were positively associated with the quality of the journal in which a paper
was published. In these specifications, comments offered by top scholars, giving a seminar
at top departments, or presenting a paper at a leading conference had a stronger positive
association with the quality of the journal in which a paper is published than comments by
non-top scholars or presenting a paper at non-top departments or conferences. When con-
trolling for author fixed effects (column 7), comments given by top-10 scholars had a larger

16 The quality of the author’s placement and the PhD institution and cohort fixed effects were removed
from the regression equation, because they were collinear with author fixed effects.

17 In unreported results, I find that estimates are qualitatively robust to estimating all regressions with a
sample of scholars that published more than one paper and a sample of scholars that published two papers.
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Table 4 Peers’ contribution by quality

(eY) @) 3) 4) ) (6) (7
In Comment top 10 0.631% 0.489%  0.441*  0.405° 0.255°
(0.064) (0.068)  (0.069)  (0.066) (0.126)
In Comment rest 0.074 0.041 0.069 0.059 0.189
(0.055) (0.059) (0.058)  (0.055) (0.124)
In Seminar top 10 0.475% 0.306*  0.282*  0.176° 0.274%
(0.047) (0.048)  (0.048)  (0.048) (0.131)
In Seminar rest -0.039 -0.078 -0.057 -0.131° -0.022
(0.080) (0.076)  (0.074)  (0.073)  (0.165)
In Conference top 0.533*  0.337°  0.298°  0.401° 0.068
(0.194)  (0.157)  (0.155)  (0.166) (0.360)
In Conference rest 0.337* —=0.080 —0.075 —0.050 -0.112
(0.068)  (0.068) (0.067) (0.064) (0.143)
In Author(s) placement quality 0.076*  0.088%
(0.021)  (0.020)
Job market paper 0.516* 0.271°
0.073)  (0.134)
Observations 858 719 719 719 719 719 302
R-square 0.424 0.359 0.277 0.436 0.449 0.436 0.285
Author(s) FE No No No No No No Yes

The dependent variable is the journal’s log ranking. Estimations in columns 1-6 include cohort and PhD
institution fixed effects (not reported). Standard errors clustered at the author level are in parentheses.

a.bande, geatistically significant at 1, 5, and 10%, respectively.

positive association with the quality of the journal in which a paper was published than did
comments given by non-top scholars. I found that presenting a paper at a top-10 economics
institution was positively associated with the quality of the journal in which a paper was
published. However, presenting a paper at a non-top economics institution was not corre-
lated with the quality of the journal in which a paper was published. The coefficient for top
conferences was positive, but it was statistically not different from zero. The coefficient for
rest of conferences was negative, but it was statistically not different from zero.'

As explained above, there is an important number of publications (139 out of 858) that
acknowledged the comments received by participants at research seminars and confer-
ences but did not list the institutions at which these seminars were held, or the name of the
conferences. To test the robustness of my results, I re-estimated all specifications with the
whole sample (858 observations instead of 719), removing the number of seminars and
the number of conferences variables from the regression equation. The estimates for the In
Comment coefficient should be taken with caution. Because the number of individual com-
ments was correlated with the number of seminars and conferences, the In Comment coef-
ficient captured the effect that seminars and conferences had on the quality of the journal

18 T also ran regressions using top-five as the quality threshold for scholars and seminars. Results, not
reported, were qualitatively and quantitatively similar to those presented in Table 4.
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Table 5 Contribution of peers’ individual comments to the quality of a paper. Full sample

(¢)) @ 3 “ (6] (6) () ®

In Comment 0.492% 0.506* 0.400* 0.460%
(0.049) (0.049) (0.048) (0.106)
In Comment top 10 0.631* 0.564* 0.462* 0.361°
(0.064) (0.064) (0.062) (0.125)
In Comment rest 0.074  0.106"* 0.075  0.224%
(0.055) (0.054) (0.051) (0.109)
In Author(s) placement quality 0.110* 0.114* 0.092*  0.099*
(0.020) (0.019) 0.019) (0.018)
Job market paper 0.602¢  0.503* 0.554%  0.464*
0.064) (0.093) (0.062) (0.093)
Observations 858 858 858 375 858 858 858 375
R-square 0417 0417 0477 0278 0424 0444 0493 0.290
Author(s) FE No No No Yes No No No Yes

The dependent variable is the journal’s (log) ranking. Estimations in columns 1-3 and 5-7 include cohort
and PhD institution fixed effects (not reported). Standard errors clustered at the author level are in parenthe-
ses.

a,bandc.

: statistically significant at 1, 5, and 10%, respectively.

in which a paper was published. Table 5 confirmed that individual comments had a strong
positive association with the quality of the journal in which a paper was published (col-
umns 1-4). Estimates also confirmed that the individual comments given by top scholars
had a stronger positive association with the quality of the journal in which a paper was
published than did comments provided by non-top scholars (columns 5-8).

Because a paper has more opportunities to be presented at research seminars and more
feedback can be received from peers the longer the period that elapses between the first
draft and publication, peers’ comments estimates can be capturing the effort that authors
put into the paper.'® As explained in Sect. 2, I define a paper’s maturity period as the dif-
ference between the year a paper was published and the year at which the PhD candidate
entered the labor market. Table 8 in the Appendix reports the results. When the specifi-
cation did not include author fixed effects (column 1), maturation time was positive and
statistically significant. However, the In Comment and In Seminar coefficients were very
similar to those reported in column 6 of Table 3. This result indicates that these coefficients
did not capture the effect that a longer period between the first draft and publication had on
the quality of the journal in which a paper is published. Furthermore, the maturation-time
coefficient became zero when author fixed effects were used (column 2 of Table 8).

19 There may be other reasons that can explain a long maturity period. For example, if a paper is submitted
to a high-quality journal, authors must respond to a higher number and more rounds of referee reports than
if they submit it to a low-quality journal. A long period may also reflect the number of rejections a paper
accumulates, or the number of projects authors work on. Finally, the period between a paper is accepted and
its publication in printed form may depend on journals’ publication policies.
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Conclusions

A scholar’s knowledge is limited and, therefore, one cannot be aware of all the elements
that may contribute to improve the quality of research. To discover these elements, the
author relies on peers, who, at research seminars, conferences, or through conversations,
identify limitations in the research project and suggest avenues of improvement. In this
paper, I analyzed the extent to which these comments and suggestions improved the
quality of research. Because the number of suggestions a paper receives is not inde-
pendent from the quality of the research idea and author, I used a sample of papers that
enabled me to control for these variables: the research projects of job market candidates
in economics. I found that a one-standard-deviation increase in the number of individual
comments and research seminars is associated with a 43% increase in the quality of the
journal in which a paper was published. I found that comments provided by top scholars
had a stronger association with the quality of the journal in which a paper is published
than did comments given by non-top scholars. I also showed that, although presenting a
paper at top economics institutions had a strong positive association with the quality of
the journal in which a paper is published, presenting at non-top economics institutions
had no association. I further found that presenting at conferences, even at the top ones,
was not associated with publishing in a high-ranked journal, after controlling for the
number of individual comments and seminars.

My results provide suggestive evidence that peers’ individual and collective com-
ments have a large positive effect on the quality of research projects, especially when
they come from top scholars or are received when presenting a paper at a top economics
institution. From a policy perspective, these results justify the use of public funding to
organize research seminars, provide venues for scholarly interaction, and finance stays
at top economics institutions.

Appendix

See Tables 6, 7 and 8.

Table 6 Cross-correlation between independent variables

Variables In Comment  In Seminar  In Conference  In Author(s) Job Market paper
placement
quality

In Comment 1.000

In Seminar 0.510 1.000

In Conference 0.343 0.463 1.000

In Author(s) place- 0.290 0.253 0.048 1.000

ment quality
Job Market paper ~ 0.249 0.438 0.181 0.041 1.000
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Table 7 Graduate programs in economics included in the sample

University Cohort Graduates Publications
Arizona State 2016, 2018 12 0
Boston 2014-2018 84 11
Boston College 2018 5 0
Brown 2014-2016, 2018 30 12
Chicago 2008, 2010-2011, 2013-2016, 2018 97 41
Columbia 2012, 2017-2018 40 5
Cornell 2017-2018 38 3
Duke 2016-2018 31 8
George Washington 2013-2018 39 10
Georgetown 2015-2018 18 4
Harvard 2007-2008, 2011-2018 199 86
Iowa State 2017 3 0
Johns Hopkins 2011-2012, 2015-2017 34 13
MIT 2000-2018 254 204
Maryland 2015-2018 45 2
Michigan 2015, 2018 18 1
Michigan State 2010-2018 84 35
Minnesota 2014, 2016-2018 39 1
New York 2008, 2011, 2017-2018 36 3
Northwestern 2000-2001, 2003-2010, 2012, 2015 84 65
Notre Dame 2011-2013, 2015-2016, 2018 20 12
Ohio State 2018 10 4
Oregon 2007-2008, 2010-2013, 2015-2016, 2018 31 15
Penn 2013 1 1
Penn State 2017 8 0
Pittsburgh 2014-2018 23 13
Princeton 2008, 2014-2018 95 18
Rutgers 2010-2018 47 8
Southern California 2016-2018 23 7
Stanford 2007-2008, 2010-2012, 2014-2019 132 66
Texas Austin 2015-2016, 2018 30 4
UC Berkeley 2000, 2002-2007, 2009, 2011, 2013, 2016, 2018 191 130
UC Davis 2018 7 1
UC Irvine 2014-2016, 2018 45 31
UC Los Angeles 2017-2018 33 3
UC San Diego 2016-2018 46 14
UC Santa Barbara 2016 12 6
UC Santa Cruz 2014-2018 29 3
Vanderbilt 2014-2016, 2018 22 9
Virginia 2000-2007, 2009, 2011, 2016-2018 55 14
Wisconsin-Madison 2018 16 0
Yale 2009-2011, 2013-2016, 2018 47 13

Cohort is the year when job market candidates were announced. Publication is the number of potential job
market projects that become articles in journals included in the SJR
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Table 8 Maturation time N %)
Maturation time 0.041¢ 0.039
(0.023) (0.053)
In Comment 0.314* 0.288°
(0.054) (0.111)
In Seminar 0.139* 0.262°
(0.044) (0.102)
In Conference —0.012 —0.100
(0.064) (0.146)
In Author(s) placement quality 0.114*
(0.021)
Job market paper 0.497* 0.296°
(0.077) (0.132)
Observations 719 302
R-square 0.466 0.277
Author(s) FE No Yes

The dependent variable is the (log) of a journal’s ranking. The estima-
tion in column 1 includes cohort and PhD institution fixed effects (not
reported). Standard errors clustered at the author level are in parenthe-
ses.

abande. geatistically significant at 1, 5, and 10%, respectively.
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